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Conclusion

»  Previous 360-degree video streaming techniques do not adapt well
to changing viewport and network conditions.

»  ATRIA uses 3DCNN model to predict the viewport and applies a RL
based adaptive streaming approach.

* Uses A3C to learn a streaming policy that Fig. 2. High level network architecture of ATRIA.
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* Addresses RL challenges (large state/action space, delayed reward)

> ATRIA can adapt well on uncertainties (user behavior / network condition).

> ATRIA can generalize well on unseen videos and it is unnecessary to train
ATRIA on any specific video.
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