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Abstract

Matching vehicles subject to both large pose transforma-
tions and extreme illumination variations remains a techni-
cally challenging problem in computer vision. In this pa-
per, we develop a new and robust framework toward match-
ing and recognizing vehicles with both highly varying poses
and drastically changing illumination conditions. By effec-
tively estimating both pose and illumination conditions, we
can re-render vehicles in the reference image to generate
the relit image with the same pose and illumination condi-
tions as the target image. We compare the relit image and
the re-rendered target image to match vehicles in the orig-
inal reference image and target image. Furthermore, no
training is needed in our framework and re-rendered vehicle
images in any other viewpoints and illumination conditions
can be obtained from just one single input image. Exper-
imental results demonstrate the robustness and efficacy of
our framework, with a potential to generalize our current
method from vehicles to handle other types of objects.

1. Introduction
Object matching and recognition remain an important

and long-term task with continuing interest from computer
vision with significant applications in security, surveillance,
and robotics. Many types of representations have been em-
ployed to match and recognize objects by a set of low-
dimensional parameters, such as shape, texture, structure,
and other specific feature patterns. However, when it comes
to unconstrained outdoor conditions such as highly vary-
ing pose and severely changing illumination, the problem
becomes extremely challenging. As shown in Fig. 1, ob-
ject appearance may be tremendously different with vary-
ing pose and illumination conditions. Although the texture
of a vehicle is consistent, its appearance indeed varies a lot
under different lightings. Thus, such clues as shape and tex-
ture are faint in this case.

Currently, the most popular approaches in object recog-

Figure 1. Images of the same vehicle taken from different view-
points and lightings.

nition focus on the appearance-based methods [11, 4] and
the model-based methods [5, 18]. In appearance-based
methods, objects are typically represented by a group of
feature vectors, and a set of positive and negative exam-
ples is adopted to train a classifier spanning on the Principal
Component Analysis (PCA) subspace or feature subspace.
In practice, technical issues arise from appearance variation
due to different poses and lightings. Model-based meth-
ods require a set of 3D models to provide geometric con-
straints. Ideally, when object domain is known, the explicit
utilization of 3D models can largely alleviate the problem
of feature matching. However, it stands on two basic as-
sumptions: (1) the 3D model can precisely fit to the input
images; (2) pose estimation is accurate enough. To estimate
the appearance of objects, global and local clues have been
used to simulate the texture of the 3D model. Despite the
progress, it still has limited success in illumination varia-
tions, since illumination conditions can dramatically affect
appearances, as shown in Fig. 1.

The primary contribution of this paper lies in a novel
and robust framework toward vehicle matching and recog-
nition, which can handle large pose transformations and il-
lumination variations simultaneously. Our vehicle matching
framework is shown in Fig. 2. Given original input images,
the pose transformation is first estimated by using approx-
imated 3D vehicle models that can effectively match ob-
jects under large viewpoint changes and partial occlusions.
Second, we estimate albedos of objects, taking advantage
of the fact that the body of a vehicle has unified color and
material. After that, we compute their spherical harmonic
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Figure 2. Our vehicle matching framework.

basis and recover illumination conditions both in the refer-
ence image and target image. By effectively estimating both
pose and illumination conditions, we can re-render vehicles
in the reference image to generate the relit image with the
same pose and illumination conditions as the target image.
Finally, we make comparisons between the relit image and
the re-rendered target image to match vehicles in the origi-
nal reference image and target image. Although our current
object domain in this paper is vehicles, this computational
framework can also be generalized to other types of objects.

2. Previous Work
Vehicle matching has been studied in many areas of com-

puter vision, with many different purposes such as detec-
tion, tracking, and recognition. Koller et al. [10] represent
vehicles by a general 3D model parameterized by 12 length
parameters. Their method needs to calibrate a moving plane
from video sequences. Some other work on vehicle detec-
tion [9] and tracking [16] is proposed by using block match-
ing, template matching, or a simple sedan model. They are
all based on video sequences, not one single image. In [17],
3D computer graphic models are employed to recognize ve-
hicles. It performs well for one vehicle class, but is lim-
ited for several similar vehicle classes. The Hidden Markov
Models (HMM) has been employed in [8] to classify shad-
ows from moving vehicles, which obstructs robust visual
tracking. For vehicle identification, Shan et al. [14] use an
embedding vector to represent each vehicle image by exem-
plars of vehicles within the same camera. Each component
of this vector is a non-metric distance computed by oriented
edge maps. The extended work was done in [7, 15] for ve-
hicle matching. However, their methods do not consider the
texture and illumination of vehicles. Guo et al. [6] propose
a model-based approach to match vehicles. They use ap-

proximate 3D models to handle pose transformation and a
piecewise MRF model to guess texture of occluded parts.
However, their method has limitations on sensitive model
fitting and varying illumination.

For illumination recovery, recent research [1, 12] shows
that any image under arbitrary illumination conditions can
be approximately represented by a linear combination of
the spherical harmonic basis. Spherical harmonics are a set
of functions that form an orthonormal basis for the set of
all square-integrable functions defined on the unit sphere.
Zhang et al. [18] successfully applied spherical harmon-
ics in face recognition and synthesis with a 3D morphable
model, which is difficult to build.

3. Vehicle Matching Framework
In this section, we will introduce our framework of vehi-

cle matching under various poses and lightings.

3.1. Model Determination
Our dataset contains 5 representative models that stand

for 5 different categories of vehicles including compact-
size car, full-size sedan, small pickup truck, SUV, and large
truck. Some 3D vehicle models are shown in Fig. 3. Unlike
the approach in [6], which requires that each vertex in 3D
model has its semantic ownership, we take the body of a ve-
hicle as an object and ignore some parts (windows, wheels,
and lights) for such reasons: (1) typically, the body has
uniform color and material, which leads to uniform albedo
for each vehicle; (2) the removed parts may have complex
cases, which have no benefits for matching. For exam-
ple, windows could have mirror reflection, wheels may turn
right or left with the same pose of the body, and lights could
be on or off.

For each input image, we will first determine which
model best represents the vehicle that appears in the image.



Figure 3. Some 3D vehicle models.

Considering the fact that pose estimation is easily trapped
into local minimum in the searching space, we select 3 dif-
ferent initial poses for each vehicle model with reasonable
projection. For each model, we compute edge maps un-
der these 3 initial fittings and use chamfer distance [14] to
measure the similarity with edge maps of the original in-
put image, as shown in Fig. 4. Finally, we select the top 2
matched models as candidates for the next step.

3.2. Pose Recovery

Pose recovery has been extensively studied in recent
years, with many effective methods proposed. Among
them, the Iterative Closest Point (ICP) algorithm is a widely
used method [2, 13]. During fitting a 3D model to a 2D im-
age, the transformation is not linear or approximately linear.
Thus, we cannot use ICP directly in our framework. Here,
we design new strategies in fitting as follows:

1) For each of 2 candidate vehicle models, we search for
the next better pose in 3D translation and rotation, respec-
tively, by discrete samplings with adaptive distance d · s,
where d is the average closest point distance in ICP, and s
is a fixed distance. More specifically, in 3D translation, we
use 3 samplings for each direction, with positive, zero, and
negative distance, that is, 27 samplings, and similarly in ro-
tation, 27 samplings in 3 angles along 3 axes. Thus, we can
control the speed of searching in the way that when it is get-
ting close to the minimum distance, the sampling distance
is getting smaller to achieve a more precise search.

2) We will stop searching when the average closest
point distance d reaches our threshold. However, when the
searching gets stuck at some point, which means it keeps
choosing zero sampling distance, while the threshold has
not been reached, we let the sampling distance jump to D ·s,
where D is a large factor to pull the searching out of the lo-
cal minimum.

3) The best 3D object model is selected with minimal
average closest point distance from candidate models.

Figure 4 shows an example of pose recovery, where
green edges are from the input image and red edges are from
the projected edge map of the 3D vehicle model.

3.3. Estimation of Albedo
Albedo is the fraction of light that a surface point re-

flects when it is illuminated, which is an intrinsic property
that depends on materials of the surface. There are some ap-
proaches in literature to estimate albedo from a single image
[3]. In previous work of applying spherical harmonics [18],
the brightness of a pixel is taken as albedo. In our frame-
work, taking the observation that the body of a vehicle has

Figure 4. Pose estimation. Edge detection in the original image is
shown on the left. Initial fitting between 3D vehicle model and the
original image is shown in the middle. The fitting result is shown
on the right. Green edges come from the original input image and
red edges come from the 3D vehicle model.

uniform texture and materials, we estimate albedo in RGB
3 channels, respectively.

For Lambertian objects, the diffused component of the
surface reflection satisfies Lambert’s Cosine Law, given by
I = ρmax(nT s, 0), where I is the pixel intensity, s is the
light source direction, ρ is the surface albedo, and n is the
surface normal of the corresponding 3D points. The ex-
pression implicitly assumes a single dominant light source
placed at infinity, which is the most common case where ve-
hicle images are taken. Note that Lambert’s law in its pure
form is nonlinear due to the max function, which accounts
for the formation of attached shadows. Shadows and specu-
larities do not reveal any information about their reflectivity.
Thus they should not be included in the computation of es-
timation. In most cases, vehicle images are taken outside
where the primary light source is the sun, and thus the esti-
mation is realistic.

By collecting 3D points with positive (nT s) and the cor-
responding image pixels excluding shadows and speculari-
ties, we can obtain a reflective equation for each point in the
3D model, written as: nT ρs = I . Note that s is almost the
same for each point in the 3D model, since the only dom-
inant light source is placed at infinity. Therefore, we can
get a formula for all reflective equations as (for example in
the red channel): Nρrs = Ir, where N is the n × 3 ma-
trix that consists of surface normals of n points, ρr is the
albedo in the red channel, and Ir is intensity value of the
red component of n corresponding pixels in the image. So
are the green and blue channels. We then take ρrs together
as a variable and estimate it by the method of least squares.
Since ρr is a positive fraction between 0 and 1, and s is the
normalized direction vector whose length equals 1, we can
compute ρr by

ρr =
|ρrs|
|s| = |ρrs|. (1)

Similarly, we can compute albedo in green channel ρg

and albedo in blue channel ρb. Figure 5 shows that albedo
maps in the second row are estimated from 3 input images
in the first row. The two left images are taken from the same
car and the right-most image is from another car. Despite
varying illuminations, the albedo estimation is accurate and
robust.



Figure 5. Albedo estimation. The original input images are shown
in the first row and estimated albedos are shown in the second row.
The two left images come from the same car and the right-most
image comes from another car.

Figure 6. An example of the first 9 spherical harmonic basis im-
ages with RGB 3 channels. Light colors represent positive values
and darker colors represent negative values.

3.4. Illumination Recovery
As described in [1, 12], any image under arbitrary illu-

mination conditions can be approximately represented by a
linear combination of spherical harmonic basis as

I ≈ bl, (2)

where b is the spherical harmonic basis and l is the vec-
tor of illumination coefficients. The set of images of a
convex Lambertian object obtained under a wide variety of
lighting conditions can be approximated accurately by a 9-
dimensional linear subspace. They are the sphere analog of
the Fourier basis on the line or circle. The first 9 spheri-
cal harmonic basis can be computed by using normals and
albedo in each vertex of the objects [1, 12].

In our framework, we use unified albedo for the body
of the vehicle model that is estimated in Section 3.3. The
visible part of a 3D vehicle model, which is projected to
the input image due to recovered pose, provides us normal
vectors, estimated albedo, and appearances with illumina-
tion effects for each visible 3D point associated with cor-
responding 2D pixels. Therefore, we can compute the first
9 spherical harmonic basis images first, and then estimate
the illumination coefficients l by using the method of least
squares in Eq. 2. Figure 6 shows an example of the first
9 spherical harmonic basis images with RGB 3 channels
where light colors represent positive values and darker col-
ors represent negative values.

Figure 7. Examples of illumination recovery and re-lighting. (a)
and (b) are two input images. (c) and (d) are re-rendered images
of (a) and (b) after illumination recovery. (e) is the relit image by
transferring both pose information and illumination effects from
(b) to the 3D vehicle model estimated from (a). (f) is the relit im-
age by transferring both pose information and illumination effects
from (a) to the 3D vehicle model estimated from (b). The relit im-
ages (e) and (f) are very similar to the re-rendered images (d) and
(c), respectively.

3.5. Re-lighting
Re-lighting is used to generate new images of the ob-

ject from the reference image by transferring illumination
effects in the target images. In our framework, we use this
technique to render the reference object under illumination
conditions of the target image. By Eq. 2, we obtain two il-
lumination representations of both the reference image and
the target image: Ir ≈ brlr, It ≈ btlt, where the subscript
r denotes the reference object, and subscript t denotes the
target object. By re-lighting, we can transfer the illumina-
tion effects from the target image to the reference object if
they are subject to the same pose:

Irelit ≈ brlt, (3)

where Irelit is the relit images of the reference object with
the illumination conditions of the target image.

With this re-lighting technique, we can render an object
under any pose and illumination conditions associated with
one single input image. Figure 7 shows examples of illu-
mination recovery and re-lighting. From the results, we can
see that the relit image Fig. 7(e) is very similar to the re-
rendered image Fig. 7(d) and the relit image Fig. 7(f) is
very similar to the re-rendered image Fig. 7(c). Therefore,
we just compare the relit image with the re-rendered target
image to match vehicles in the original reference image and
target image despite large variations of pose and illumina-
tion.

3.6. Vehicle Matching
In order to match two images, we use the normalized

matching distance (NMD), defined as

NMD =
Σn

i=0‖Ii
relit − Ii

t‖
Σn

j=0I
j
t

, (4)



where Irelit is the relit image and It is the re-rendered im-
age of target objects. NMD describes the difference be-
tween the reference object and the target object, despite the
effect of pose and illumination variations. A smaller dis-
tance stands for higher similarity, and vice versa.

The vehicle matching algorithm in our framework can be
summarized as follows:

1) Recover pose information and estimate 3D vehicle
models in both the reference image and target image as de-
scribed in Section 3.1 and 3.2.

2) Estimate albedos from two input images by Eq. 1.
3) Compute the spherical harmonic basis in each input

image, and then estimate illumination coefficients by Eq. 2.
4) Re-render the target object by recovered shape,

albedo, and illumination parameters and re-lighting the ref-
erence object by Eq. 3.

5) Compare the relit image and the re-rendered image by
computing the normalized matching distance in Eq. 4 to
match vehicles in the reference image and target image.

4. Experimental Results
In this section, we will evaluate our framework using

both synthetic and real data subject to various pose and il-
lumination conditions and compare our methods with the
method without illumination recovery [6].

4.1. Matching Experiments
Before our recognition experiments, we conduct match-

ing experiments on both synthetic data and real data to show
how illumination conditions will affect matching and recog-
nition results. First, we use three new 3D car models to syn-
thesize 6 vehicle images rendered by OpenGL with one dif-
fuse light source and global ambient light, as shown in Fig.
8 (the left-most image and other 5 images in the first row).
Images 1, 2, and 3 are synthesized by different car models
with different texture. Images 1, 4, 5, and 6 are synthesized
by the same car model with different pose and lightings. We
match image 1 (as the probe image) to all other 5 images.
The matching performances of our method and the method
without illumination recovery are shown in the second and
third rows. From experimental results, we can observe that
our method can successfully match image 1 to images 4, 5,
and 6 with perfect normalized matching distances. How-
ever, the method without illumination recovery fails in this
experiment due to the effect of illumination. It matches im-
age 1 with image 2, while image 2 comes from a different
vehicle. Even in the same illumination condition, there is
still a mismatch due to viewpoint variations. For example,
images 1 and 5 are under the same illumination condition
but taken from different viewpoints. The method without
illumination recovery uses symmetry to guess the texture of
vehicles. This is not correct because one side of the car is
illuminated while the other side is shaded.

Figure 9 shows matching experiments on real data.
Three input images are in the first row (2 reference images
are in the left and right, 1 target image is in the middle).
The right image (reference image 2) and the middle image
(target image) are from the same SUV, while the left image
(reference image 1) is from another vehicle. The matching
results of our method are shown in the second row and the
results of the method without illumination recovery [6] are
shown in the third row. According to the experimental re-
sults, our method successfully matches the reference image
2 and the target image while the method without illumina-
tion recovery fails due to extreme variations of pose and
illumination.

4.2. Recognition Experiments
Our real data consists of 24 image galleries captured

from 24 vehicles. Each gallery has 7 images under vari-
ous viewpoints and lightings. The image resolution is from
310 × 233 to 640 × 480. Our experiment is conducted by
the same schema as we did on synthetic data.

Figure 10 shows the recognition results of the follow-
ing methods: the method without illumination recovery, the
method using average texture as albedo, and our framework
with illumination recovery under different ranks. From re-
sults, we can see that by illumination recovery, the recog-
nition results of our methods are significantly improved
and stable when the number of images involved per gallery
changes. However, the other two methods use semantic
ownership of vehicle model and the symmetry of vehicle
body to represent texture information. These are not accu-
rate due to the effect of illumination conditions, especially
when the size of the gallery is small.

5. Conclusion
We have detailed a new framework to match vehicles

subject to large variations of both pose and illumination. By
estimating pose and albedo map, the illumination condition
can be accurately recovered by using spherical harmonics
representation. This will also allow us to re-light the refer-
ence object under any target condition such as pose and illu-
mination. Experimental results demonstrate that our frame-
work has significantly improved the matching and recogni-
tion performance, especially when objects are under both
large pose and illumination variations. For the future, we
will further improve our illumination model with specular-
ity and shadow components and apply our method to addi-
tional objects such as the human face and body.

References
[1] R. Basri and D. Jacobs. Lambertian reflectance and linear subspaces.

PAMI, 25(2):218–233, 2003.

[2] P. Besl and N. McKey. A method for registration of 3d. PAMI,
14(2):239–256, 1992.



Figure 8. Comparison on synthetic data. 1 is the reference image and 2, 3, 4, 5, 6 are target images (1, 4, 5, and 6 are synthesized from
the same car model and 2, 3 are from another two car models). In the second row, there are results of our method by transferring the pose
information and illumination conditions from target images (2, 3, 4, 5, and 6) to the car model in the reference image 1 with their matching
scores, which are computed between the relit images in the second row to the target images in the first row. In the third row, there are
results of the method without illumination recovery in [6]. The percentage numbers are the normalized matching distance (NMD) defined
in Eq. 4 and a smaller number stands for higher similarity between the reference image and the target image, and vice versa.

Figure 9. Comparison on real data. Original images are shown in
the first row. The right image (reference image 2) and the middle
image (target image) are from the same SUV, while the left image
(reference image 1) is from another vehicle. The results of our
method are shown in the second row and results of the method
without illumination recovery are shown in the third row. The
numbers are the normalized matching distance defined in Eq. 4.

[3] S. Biswas, G. Aggarwal, and R. Chellappa. Robust estimation of
albedo for illumination-invariant matching and shape recovery. In
ICCV, 2001.

[4] R. Fergus, P. Perona, and A. Zisserman. Object class recognition by
unsupervised scale-invariant learning. In CVPR, 2006.

[5] W. Gardner and D. Lawton. Interactive model-based vehicle track-
ing. PAMI, 18(11):1115–1121, 1996.

[6] Y. Guo, C. Rao, S. Samarasekera, J. Kim, R. Kumar, and H. Sawh-
ney. Matching vehicles under large pose transformations using ap-
proximate 3d models and piecewise mrf model. In CVPR, 2008.

[7] Y. Guo, Y. Shan, H. Sawhney, and R. Kumar. Peet: prototype embed-
ding and embedding transition for matching vehicles over disparate
viewpoints. In CVPR, 2007.

[8] J. Kato, T. Watanabe, S. Joga, J. Rittscher, and A. Blake. An hmm-
based segmentation method for traffic monitoring movies. PAMI,
24(9):1291–1296, 2002.

[9] Z. Kim and J. Malik. Fast vehicle detection with probabilistic feature
grouping and its application to vehicle tracking. In ICCV, 2003.

1 2 3 4 5 6
0.5

0.55

0.6

0.65

0.7

0.75

0.8

Rank

R
ec

og
ni

tio
n 

R
at

e

 

 

Illumination Recovery
Without Albedo Estimation
Without Illumination Recovery

Figure 10. Recognition results on real data.

[10] D. Koller, K. Daniilidis, and H. Nagel. Model-based object track-
ing in monocular image sequences of road traffic scenes. IJCV,
10(3):257–281, 1993.

[11] H. Murase and S. Nayar. Visual learning and recognition of 3d ob-
jects from appearance. IJCV, 14(1):5–24, 1995.

[12] R. Ramamoorthi and P. Hanrahan. An efficient representation for
irradiance environment maps. In SIGGRAPH, pages 497–500, 2001.

[13] S. Rusinkiewicz, O. Hall-Holt, and M. Levoy. Real-time 3d model
acquisition. ACM Trans. Graph., 21(3):438–446, 2002.

[14] Y. Shan, H. Sawhney, and R. Kumar. Vehicle identification between
non-overlapping cameras without direct feature matching. In ICCV,
pages 378–385, 2005.

[15] Y. Shan, H. Sawhney, and R. Kumar. Unsupervised learning of
discriminative edge measures for vehicle matching between non-
overlapping cameras. PAMI, 30(4):700–711, 2008.

[16] L. Stefano and E. Viarani. Vehicle detection and tracking using the
block matching algorithm. In IEEE Int. Multiconference on Circuits,
Systems, Communications and Computer, 1999.

[17] M. Stevens and J. Beveridge. Using multisensory occlusion reason-
ing in object recognition. In CVPR, 1997.

[18] L. Zhang, S. Wang, and D. Samaras. Face synthesis and recogni-
tion from a single image under arbitrary unknown lighting using a
spherical harmonic basis morphable model. In CVPR, 2005.



<<
  /ASCII85EncodePages false
  /AllowTransparency false
  /AutoPositionEPSFiles true
  /AutoRotatePages /None
  /Binding /Left
  /CalGrayProfile (Gray Gamma 2.2)
  /CalRGBProfile (sRGB IEC61966-2.1)
  /CalCMYKProfile (U.S. Web Coated \050SWOP\051 v2)
  /sRGBProfile (sRGB IEC61966-2.1)
  /CannotEmbedFontPolicy /Warning
  /CompatibilityLevel 1.6
  /CompressObjects /Off
  /CompressPages true
  /ConvertImagesToIndexed true
  /PassThroughJPEGImages true
  /CreateJobTicket false
  /DefaultRenderingIntent /Default
  /DetectBlends true
  /DetectCurves 0.0000
  /ColorConversionStrategy /LeaveColorUnchanged
  /DoThumbnails true
  /EmbedAllFonts true
  /EmbedOpenType false
  /ParseICCProfilesInComments true
  /EmbedJobOptions true
  /DSCReportingLevel 0
  /EmitDSCWarnings false
  /EndPage -1
  /ImageMemory 1048576
  /LockDistillerParams true
  /MaxSubsetPct 100
  /Optimize true
  /OPM 0
  /ParseDSCComments false
  /ParseDSCCommentsForDocInfo false
  /PreserveCopyPage true
  /PreserveDICMYKValues true
  /PreserveEPSInfo false
  /PreserveFlatness true
  /PreserveHalftoneInfo true
  /PreserveOPIComments false
  /PreserveOverprintSettings true
  /StartPage 1
  /SubsetFonts true
  /TransferFunctionInfo /Remove
  /UCRandBGInfo /Preserve
  /UsePrologue false
  /ColorSettingsFile ()
  /AlwaysEmbed [ true
    /AbadiMT-CondensedLight
    /ACaslon-Italic
    /ACaslon-Regular
    /ACaslon-Semibold
    /ACaslon-SemiboldItalic
    /AdobeArabic-Bold
    /AdobeArabic-BoldItalic
    /AdobeArabic-Italic
    /AdobeArabic-Regular
    /AdobeHebrew-Bold
    /AdobeHebrew-BoldItalic
    /AdobeHebrew-Italic
    /AdobeHebrew-Regular
    /AdobeHeitiStd-Regular
    /AdobeMingStd-Light
    /AdobeMyungjoStd-Medium
    /AdobePiStd
    /AdobeSansMM
    /AdobeSerifMM
    /AdobeSongStd-Light
    /AdobeThai-Bold
    /AdobeThai-BoldItalic
    /AdobeThai-Italic
    /AdobeThai-Regular
    /AGaramond-Bold
    /AGaramond-BoldItalic
    /AGaramond-Italic
    /AGaramond-Regular
    /AGaramond-Semibold
    /AGaramond-SemiboldItalic
    /AgencyFB-Bold
    /AgencyFB-Reg
    /AGOldFace-Outline
    /AharoniBold
    /Algerian
    /Americana
    /Americana-ExtraBold
    /AndaleMono
    /AndaleMonoIPA
    /AngsanaNew
    /AngsanaNew-Bold
    /AngsanaNew-BoldItalic
    /AngsanaNew-Italic
    /AngsanaUPC
    /AngsanaUPC-Bold
    /AngsanaUPC-BoldItalic
    /AngsanaUPC-Italic
    /Anna
    /ArialAlternative
    /ArialAlternativeSymbol
    /Arial-Black
    /Arial-BlackItalic
    /Arial-BoldItalicMT
    /Arial-BoldMT
    /Arial-ItalicMT
    /ArialMT
    /ArialMT-Black
    /ArialNarrow
    /ArialNarrow-Bold
    /ArialNarrow-BoldItalic
    /ArialNarrow-Italic
    /ArialRoundedMTBold
    /ArialUnicodeMS
    /ArrusBT-Bold
    /ArrusBT-BoldItalic
    /ArrusBT-Italic
    /ArrusBT-Roman
    /AvantGarde-Book
    /AvantGarde-BookOblique
    /AvantGarde-Demi
    /AvantGarde-DemiOblique
    /AvantGardeITCbyBT-Book
    /AvantGardeITCbyBT-BookOblique
    /BakerSignet
    /BankGothicBT-Medium
    /Barmeno-Bold
    /Barmeno-ExtraBold
    /Barmeno-Medium
    /Barmeno-Regular
    /Baskerville
    /BaskervilleBE-Italic
    /BaskervilleBE-Medium
    /BaskervilleBE-MediumItalic
    /BaskervilleBE-Regular
    /Baskerville-Bold
    /Baskerville-BoldItalic
    /Baskerville-Italic
    /BaskOldFace
    /Batang
    /BatangChe
    /Bauhaus93
    /Bellevue
    /BellGothicStd-Black
    /BellGothicStd-Bold
    /BellGothicStd-Light
    /BellMT
    /BellMTBold
    /BellMTItalic
    /BerlingAntiqua-Bold
    /BerlingAntiqua-BoldItalic
    /BerlingAntiqua-Italic
    /BerlingAntiqua-Roman
    /BerlinSansFB-Bold
    /BerlinSansFBDemi-Bold
    /BerlinSansFB-Reg
    /BernardMT-Condensed
    /BernhardModernBT-Bold
    /BernhardModernBT-BoldItalic
    /BernhardModernBT-Italic
    /BernhardModernBT-Roman
    /BiffoMT
    /BinnerD
    /BinnerGothic
    /BlackadderITC-Regular
    /Blackoak
    /Bodoni
    /Bodoni-Bold
    /Bodoni-BoldItalic
    /Bodoni-Italic
    /BodoniMT
    /BodoniMTBlack
    /BodoniMTBlack-Italic
    /BodoniMT-Bold
    /BodoniMT-BoldItalic
    /BodoniMTCondensed
    /BodoniMTCondensed-Bold
    /BodoniMTCondensed-BoldItalic
    /BodoniMTCondensed-Italic
    /BodoniMT-Italic
    /BodoniMTPosterCompressed
    /Bodoni-Poster
    /Bodoni-PosterCompressed
    /BookAntiqua
    /BookAntiqua-Bold
    /BookAntiqua-BoldItalic
    /BookAntiqua-Italic
    /Bookman-Demi
    /Bookman-DemiItalic
    /Bookman-Light
    /Bookman-LightItalic
    /BookmanOldStyle
    /BookmanOldStyle-Bold
    /BookmanOldStyle-BoldItalic
    /BookmanOldStyle-Italic
    /BookshelfSymbolOne-Regular
    /BookshelfSymbolSeven
    /BookshelfSymbolThree-Regular
    /BookshelfSymbolTwo-Regular
    /Botanical
    /Boton-Italic
    /Boton-Medium
    /Boton-MediumItalic
    /Boton-Regular
    /Boulevard
    /BradleyHandITC
    /Braggadocio
    /BritannicBold
    /Broadway
    /BrowalliaNew
    /BrowalliaNew-Bold
    /BrowalliaNew-BoldItalic
    /BrowalliaNew-Italic
    /BrowalliaUPC
    /BrowalliaUPC-Bold
    /BrowalliaUPC-BoldItalic
    /BrowalliaUPC-Italic
    /BrushScript
    /BrushScriptMT
    /CaflischScript-Bold
    /CaflischScript-Regular
    /Calibri
    /Calibri-Bold
    /Calibri-BoldItalic
    /Calibri-Italic
    /CalifornianFB-Bold
    /CalifornianFB-Italic
    /CalifornianFB-Reg
    /CalisMTBol
    /CalistoMT
    /CalistoMT-BoldItalic
    /CalistoMT-Italic
    /Cambria
    /Cambria-Bold
    /Cambria-BoldItalic
    /Cambria-Italic
    /CambriaMath
    /Candara
    /Candara-Bold
    /Candara-BoldItalic
    /Candara-Italic
    /Carta
    /CaslonOpenfaceBT-Regular
    /Castellar
    /CastellarMT
    /Centaur
    /Centaur-Italic
    /Century
    /CenturyGothic
    /CenturyGothic-Bold
    /CenturyGothic-BoldItalic
    /CenturyGothic-Italic
    /CenturySchL-Bold
    /CenturySchL-BoldItal
    /CenturySchL-Ital
    /CenturySchL-Roma
    /CenturySchoolbook
    /CenturySchoolbook-Bold
    /CenturySchoolbook-BoldItalic
    /CenturySchoolbook-Italic
    /CGTimes-Bold
    /CGTimes-BoldItalic
    /CGTimes-Italic
    /CGTimes-Regular
    /CharterBT-Bold
    /CharterBT-BoldItalic
    /CharterBT-Italic
    /CharterBT-Roman
    /CheltenhamITCbyBT-Bold
    /CheltenhamITCbyBT-BoldItalic
    /CheltenhamITCbyBT-Book
    /CheltenhamITCbyBT-BookItalic
    /Chiller-Regular
    /CMB10
    /CMBSY10
    /CMBSY5
    /CMBSY6
    /CMBSY7
    /CMBSY8
    /CMBSY9
    /CMBX10
    /CMBX12
    /CMBX5
    /CMBX6
    /CMBX7
    /CMBX8
    /CMBX9
    /CMBXSL10
    /CMBXTI10
    /CMCSC10
    /CMCSC8
    /CMCSC9
    /CMDUNH10
    /CMEX10
    /CMEX7
    /CMEX8
    /CMEX9
    /CMFF10
    /CMFI10
    /CMFIB8
    /CMINCH
    /CMITT10
    /CMMI10
    /CMMI12
    /CMMI5
    /CMMI6
    /CMMI7
    /CMMI8
    /CMMI9
    /CMMIB10
    /CMMIB5
    /CMMIB6
    /CMMIB7
    /CMMIB8
    /CMMIB9
    /CMR10
    /CMR12
    /CMR17
    /CMR5
    /CMR6
    /CMR7
    /CMR8
    /CMR9
    /CMSL10
    /CMSL12
    /CMSL8
    /CMSL9
    /CMSLTT10
    /CMSS10
    /CMSS12
    /CMSS17
    /CMSS8
    /CMSS9
    /CMSSBX10
    /CMSSDC10
    /CMSSI10
    /CMSSI12
    /CMSSI17
    /CMSSI8
    /CMSSI9
    /CMSSQ8
    /CMSSQI8
    /CMSY10
    /CMSY5
    /CMSY6
    /CMSY7
    /CMSY8
    /CMSY9
    /CMTCSC10
    /CMTEX10
    /CMTEX8
    /CMTEX9
    /CMTI10
    /CMTI12
    /CMTI7
    /CMTI8
    /CMTI9
    /CMTT10
    /CMTT12
    /CMTT8
    /CMTT9
    /CMU10
    /CMVTT10
    /ColonnaMT
    /Colossalis-Bold
    /ComicSansMS
    /ComicSansMS-Bold
    /Consolas
    /Consolas-Bold
    /Consolas-BoldItalic
    /Consolas-Italic
    /Constantia
    /Constantia-Bold
    /Constantia-BoldItalic
    /Constantia-Italic
    /CooperBlack
    /CopperplateGothic-Bold
    /CopperplateGothic-Light
    /Copperplate-ThirtyThreeBC
    /Corbel
    /Corbel-Bold
    /Corbel-BoldItalic
    /Corbel-Italic
    /CordiaNew
    /CordiaNew-Bold
    /CordiaNew-BoldItalic
    /CordiaNew-Italic
    /CordiaUPC
    /CordiaUPC-Bold
    /CordiaUPC-BoldItalic
    /CordiaUPC-Italic
    /Courier
    /Courier-Bold
    /Courier-BoldOblique
    /CourierNewPS-BoldItalicMT
    /CourierNewPS-BoldMT
    /CourierNewPS-ItalicMT
    /CourierNewPSMT
    /Courier-Oblique
    /CourierStd
    /CourierStd-Bold
    /CourierStd-BoldOblique
    /CourierStd-Oblique
    /CourierX-Bold
    /CourierX-BoldOblique
    /CourierX-Oblique
    /CourierX-Regular
    /CreepyRegular
    /CurlzMT
    /David-Bold
    /David-Reg
    /DavidTransparent
    /Desdemona
    /DilleniaUPC
    /DilleniaUPCBold
    /DilleniaUPCBoldItalic
    /DilleniaUPCItalic
    /Dingbats
    /DomCasual
    /Dotum
    /DotumChe
    /EdwardianScriptITC
    /Elephant-Italic
    /Elephant-Regular
    /EngraversGothicBT-Regular
    /EngraversMT
    /EraserDust
    /ErasITC-Bold
    /ErasITC-Demi
    /ErasITC-Light
    /ErasITC-Medium
    /ErieBlackPSMT
    /ErieLightPSMT
    /EriePSMT
    /EstrangeloEdessa
    /Euclid
    /Euclid-Bold
    /Euclid-BoldItalic
    /EuclidExtra
    /EuclidExtra-Bold
    /EuclidFraktur
    /EuclidFraktur-Bold
    /Euclid-Italic
    /EuclidMathOne
    /EuclidMathOne-Bold
    /EuclidMathTwo
    /EuclidMathTwo-Bold
    /EuclidSymbol
    /EuclidSymbol-Bold
    /EuclidSymbol-BoldItalic
    /EuclidSymbol-Italic
    /EucrosiaUPC
    /EucrosiaUPCBold
    /EucrosiaUPCBoldItalic
    /EucrosiaUPCItalic
    /EUEX10
    /EUEX7
    /EUEX8
    /EUEX9
    /EUFB10
    /EUFB5
    /EUFB7
    /EUFM10
    /EUFM5
    /EUFM7
    /EURB10
    /EURB5
    /EURB7
    /EURM10
    /EURM5
    /EURM7
    /EuroMono-Bold
    /EuroMono-BoldItalic
    /EuroMono-Italic
    /EuroMono-Regular
    /EuroSans-Bold
    /EuroSans-BoldItalic
    /EuroSans-Italic
    /EuroSans-Regular
    /EuroSerif-Bold
    /EuroSerif-BoldItalic
    /EuroSerif-Italic
    /EuroSerif-Regular
    /EuroSig
    /EUSB10
    /EUSB5
    /EUSB7
    /EUSM10
    /EUSM5
    /EUSM7
    /FelixTitlingMT
    /Fences
    /FencesPlain
    /FigaroMT
    /FixedMiriamTransparent
    /FootlightMTLight
    /Formata-Italic
    /Formata-Medium
    /Formata-MediumItalic
    /Formata-Regular
    /ForteMT
    /FranklinGothic-Book
    /FranklinGothic-BookItalic
    /FranklinGothic-Demi
    /FranklinGothic-DemiCond
    /FranklinGothic-DemiItalic
    /FranklinGothic-Heavy
    /FranklinGothic-HeavyItalic
    /FranklinGothicITCbyBT-Book
    /FranklinGothicITCbyBT-BookItal
    /FranklinGothicITCbyBT-Demi
    /FranklinGothicITCbyBT-DemiItal
    /FranklinGothic-Medium
    /FranklinGothic-MediumCond
    /FranklinGothic-MediumItalic
    /FrankRuehl
    /FreesiaUPC
    /FreesiaUPCBold
    /FreesiaUPCBoldItalic
    /FreesiaUPCItalic
    /FreestyleScript-Regular
    /FrenchScriptMT
    /Frutiger-Black
    /Frutiger-BlackCn
    /Frutiger-BlackItalic
    /Frutiger-Bold
    /Frutiger-BoldCn
    /Frutiger-BoldItalic
    /Frutiger-Cn
    /Frutiger-ExtraBlackCn
    /Frutiger-Italic
    /Frutiger-Light
    /Frutiger-LightCn
    /Frutiger-LightItalic
    /Frutiger-Roman
    /Frutiger-UltraBlack
    /Futura-Bold
    /Futura-BoldOblique
    /Futura-Book
    /Futura-BookOblique
    /FuturaBT-Bold
    /FuturaBT-BoldItalic
    /FuturaBT-Book
    /FuturaBT-BookItalic
    /FuturaBT-Medium
    /FuturaBT-MediumItalic
    /Futura-Light
    /Futura-LightOblique
    /GalliardITCbyBT-Bold
    /GalliardITCbyBT-BoldItalic
    /GalliardITCbyBT-Italic
    /GalliardITCbyBT-Roman
    /Garamond
    /Garamond-Bold
    /Garamond-BoldCondensed
    /Garamond-BoldCondensedItalic
    /Garamond-BoldItalic
    /Garamond-BookCondensed
    /Garamond-BookCondensedItalic
    /Garamond-Italic
    /Garamond-LightCondensed
    /Garamond-LightCondensedItalic
    /Gautami
    /GeometricSlab703BT-Light
    /GeometricSlab703BT-LightItalic
    /Georgia
    /Georgia-Bold
    /Georgia-BoldItalic
    /Georgia-Italic
    /GeorgiaRef
    /Giddyup
    /Giddyup-Thangs
    /Gigi-Regular
    /GillSans
    /GillSans-Bold
    /GillSans-BoldItalic
    /GillSans-Condensed
    /GillSans-CondensedBold
    /GillSans-Italic
    /GillSans-Light
    /GillSans-LightItalic
    /GillSansMT
    /GillSansMT-Bold
    /GillSansMT-BoldItalic
    /GillSansMT-Condensed
    /GillSansMT-ExtraCondensedBold
    /GillSansMT-Italic
    /GillSans-UltraBold
    /GillSans-UltraBoldCondensed
    /GloucesterMT-ExtraCondensed
    /Gothic-Thirteen
    /GoudyOldStyleBT-Bold
    /GoudyOldStyleBT-BoldItalic
    /GoudyOldStyleBT-Italic
    /GoudyOldStyleBT-Roman
    /GoudyOldStyleT-Bold
    /GoudyOldStyleT-Italic
    /GoudyOldStyleT-Regular
    /GoudyStout
    /GoudyTextMT-LombardicCapitals
    /GSIDefaultSymbols
    /Gulim
    /GulimChe
    /Gungsuh
    /GungsuhChe
    /Haettenschweiler
    /HarlowSolid
    /Harrington
    /Helvetica
    /Helvetica-Black
    /Helvetica-BlackOblique
    /Helvetica-Bold
    /Helvetica-BoldOblique
    /Helvetica-Condensed
    /Helvetica-Condensed-Black
    /Helvetica-Condensed-BlackObl
    /Helvetica-Condensed-Bold
    /Helvetica-Condensed-BoldObl
    /Helvetica-Condensed-Light
    /Helvetica-Condensed-LightObl
    /Helvetica-Condensed-Oblique
    /Helvetica-Fraction
    /Helvetica-Narrow
    /Helvetica-Narrow-Bold
    /Helvetica-Narrow-BoldOblique
    /Helvetica-Narrow-Oblique
    /Helvetica-Oblique
    /HighTowerText-Italic
    /HighTowerText-Reg
    /Humanist521BT-BoldCondensed
    /Humanist521BT-Light
    /Humanist521BT-LightItalic
    /Humanist521BT-RomanCondensed
    /Imago-ExtraBold
    /Impact
    /ImprintMT-Shadow
    /InformalRoman-Regular
    /IrisUPC
    /IrisUPCBold
    /IrisUPCBoldItalic
    /IrisUPCItalic
    /Ironwood
    /ItcEras-Medium
    /ItcKabel-Bold
    /ItcKabel-Book
    /ItcKabel-Demi
    /ItcKabel-Medium
    /ItcKabel-Ultra
    /JasmineUPC
    /JasmineUPC-Bold
    /JasmineUPC-BoldItalic
    /JasmineUPC-Italic
    /JoannaMT
    /JoannaMT-Italic
    /Jokerman-Regular
    /JuiceITC-Regular
    /Kartika
    /Kaufmann
    /KaufmannBT-Bold
    /KaufmannBT-Regular
    /KidTYPEPaint
    /KinoMT
    /KodchiangUPC
    /KodchiangUPC-Bold
    /KodchiangUPC-BoldItalic
    /KodchiangUPC-Italic
    /KorinnaITCbyBT-Regular
    /KozGoProVI-Medium
    /KozMinProVI-Regular
    /KristenITC-Regular
    /KunstlerScript
    /Latha
    /LatinWide
    /LetterGothic
    /LetterGothic-Bold
    /LetterGothic-BoldOblique
    /LetterGothic-BoldSlanted
    /LetterGothicMT
    /LetterGothicMT-Bold
    /LetterGothicMT-BoldOblique
    /LetterGothicMT-Oblique
    /LetterGothic-Slanted
    /LetterGothicStd
    /LetterGothicStd-Bold
    /LetterGothicStd-BoldSlanted
    /LetterGothicStd-Slanted
    /LevenimMT
    /LevenimMTBold
    /LilyUPC
    /LilyUPCBold
    /LilyUPCBoldItalic
    /LilyUPCItalic
    /Lithos-Black
    /Lithos-Regular
    /LotusWPBox-Roman
    /LotusWPIcon-Roman
    /LotusWPIntA-Roman
    /LotusWPIntB-Roman
    /LotusWPType-Roman
    /LucidaBright
    /LucidaBright-Demi
    /LucidaBright-DemiItalic
    /LucidaBright-Italic
    /LucidaCalligraphy-Italic
    /LucidaConsole
    /LucidaFax
    /LucidaFax-Demi
    /LucidaFax-DemiItalic
    /LucidaFax-Italic
    /LucidaHandwriting-Italic
    /LucidaSans
    /LucidaSans-Demi
    /LucidaSans-DemiItalic
    /LucidaSans-Italic
    /LucidaSans-Typewriter
    /LucidaSans-TypewriterBold
    /LucidaSans-TypewriterBoldOblique
    /LucidaSans-TypewriterOblique
    /LucidaSansUnicode
    /Lydian
    /Magneto-Bold
    /MaiandraGD-Regular
    /Mangal-Regular
    /Map-Symbols
    /MathA
    /MathB
    /MathC
    /Mathematica1
    /Mathematica1-Bold
    /Mathematica1Mono
    /Mathematica1Mono-Bold
    /Mathematica2
    /Mathematica2-Bold
    /Mathematica2Mono
    /Mathematica2Mono-Bold
    /Mathematica3
    /Mathematica3-Bold
    /Mathematica3Mono
    /Mathematica3Mono-Bold
    /Mathematica4
    /Mathematica4-Bold
    /Mathematica4Mono
    /Mathematica4Mono-Bold
    /Mathematica5
    /Mathematica5-Bold
    /Mathematica5Mono
    /Mathematica5Mono-Bold
    /Mathematica6
    /Mathematica6Bold
    /Mathematica6Mono
    /Mathematica6MonoBold
    /Mathematica7
    /Mathematica7Bold
    /Mathematica7Mono
    /Mathematica7MonoBold
    /MatisseITC-Regular
    /MaturaMTScriptCapitals
    /Mesquite
    /Mezz-Black
    /Mezz-Regular
    /MICR
    /MicrosoftSansSerif
    /MingLiU
    /Minion-BoldCondensed
    /Minion-BoldCondensedItalic
    /Minion-Condensed
    /Minion-CondensedItalic
    /Minion-Ornaments
    /MinionPro-Bold
    /MinionPro-BoldIt
    /MinionPro-It
    /MinionPro-Regular
    /MinionPro-Semibold
    /MinionPro-SemiboldIt
    /Miriam
    /MiriamFixed
    /MiriamTransparent
    /Mistral
    /Modern-Regular
    /MonotypeCorsiva
    /MonotypeSorts
    /MSAM10
    /MSAM5
    /MSAM6
    /MSAM7
    /MSAM8
    /MSAM9
    /MSBM10
    /MSBM5
    /MSBM6
    /MSBM7
    /MSBM8
    /MSBM9
    /MS-Gothic
    /MSHei
    /MSLineDrawPSMT
    /MS-Mincho
    /MSOutlook
    /MS-PGothic
    /MS-PMincho
    /MSReference1
    /MSReference2
    /MSReferenceSansSerif
    /MSReferenceSansSerif-Bold
    /MSReferenceSansSerif-BoldItalic
    /MSReferenceSansSerif-Italic
    /MSReferenceSerif
    /MSReferenceSerif-Bold
    /MSReferenceSerif-BoldItalic
    /MSReferenceSerif-Italic
    /MSReferenceSpecialty
    /MSSong
    /MS-UIGothic
    /MT-Extra
    /MT-Symbol
    /MT-Symbol-Italic
    /MVBoli
    /Myriad-Bold
    /Myriad-BoldItalic
    /Myriad-Italic
    /MyriadPro-Black
    /MyriadPro-BlackIt
    /MyriadPro-Bold
    /MyriadPro-BoldIt
    /MyriadPro-It
    /MyriadPro-Light
    /MyriadPro-LightIt
    /MyriadPro-Regular
    /MyriadPro-Semibold
    /MyriadPro-SemiboldIt
    /Myriad-Roman
    /Narkisim
    /NewCenturySchlbk-Bold
    /NewCenturySchlbk-BoldItalic
    /NewCenturySchlbk-Italic
    /NewCenturySchlbk-Roman
    /NewMilleniumSchlbk-BoldItalicSH
    /NewsGothic
    /NewsGothic-Bold
    /NewsGothicBT-Bold
    /NewsGothicBT-BoldItalic
    /NewsGothicBT-Italic
    /NewsGothicBT-Roman
    /NewsGothic-Condensed
    /NewsGothic-Italic
    /NewsGothicMT
    /NewsGothicMT-Bold
    /NewsGothicMT-Italic
    /NiagaraEngraved-Reg
    /NiagaraSolid-Reg
    /NimbusMonL-Bold
    /NimbusMonL-BoldObli
    /NimbusMonL-Regu
    /NimbusMonL-ReguObli
    /NimbusRomNo9L-Medi
    /NimbusRomNo9L-MediItal
    /NimbusRomNo9L-Regu
    /NimbusRomNo9L-ReguItal
    /NimbusSanL-Bold
    /NimbusSanL-BoldCond
    /NimbusSanL-BoldCondItal
    /NimbusSanL-BoldItal
    /NimbusSanL-Regu
    /NimbusSanL-ReguCond
    /NimbusSanL-ReguCondItal
    /NimbusSanL-ReguItal
    /Nimrod
    /Nimrod-Bold
    /Nimrod-BoldItalic
    /Nimrod-Italic
    /NSimSun
    /Nueva-BoldExtended
    /Nueva-BoldExtendedItalic
    /Nueva-Italic
    /Nueva-Roman
    /NuptialScript
    /OCRA
    /OCRA-Alternate
    /OCRAExtended
    /OCRB
    /OCRB-Alternate
    /OfficinaSans-Bold
    /OfficinaSans-BoldItalic
    /OfficinaSans-Book
    /OfficinaSans-BookItalic
    /OfficinaSerif-Bold
    /OfficinaSerif-BoldItalic
    /OfficinaSerif-Book
    /OfficinaSerif-BookItalic
    /OldEnglishTextMT
    /Onyx
    /OnyxBT-Regular
    /OzHandicraftBT-Roman
    /PalaceScriptMT
    /Palatino-Bold
    /Palatino-BoldItalic
    /Palatino-Italic
    /PalatinoLinotype-Bold
    /PalatinoLinotype-BoldItalic
    /PalatinoLinotype-Italic
    /PalatinoLinotype-Roman
    /Palatino-Roman
    /PapyrusPlain
    /Papyrus-Regular
    /Parchment-Regular
    /Parisian
    /ParkAvenue
    /Penumbra-SemiboldFlare
    /Penumbra-SemiboldSans
    /Penumbra-SemiboldSerif
    /PepitaMT
    /Perpetua
    /Perpetua-Bold
    /Perpetua-BoldItalic
    /Perpetua-Italic
    /PerpetuaTitlingMT-Bold
    /PerpetuaTitlingMT-Light
    /PhotinaCasualBlack
    /Playbill
    /PMingLiU
    /Poetica-SuppOrnaments
    /PoorRichard-Regular
    /PopplLaudatio-Italic
    /PopplLaudatio-Medium
    /PopplLaudatio-MediumItalic
    /PopplLaudatio-Regular
    /PrestigeElite
    /Pristina-Regular
    /PTBarnumBT-Regular
    /Raavi
    /RageItalic
    /Ravie
    /RefSpecialty
    /Ribbon131BT-Bold
    /Rockwell
    /Rockwell-Bold
    /Rockwell-BoldItalic
    /Rockwell-Condensed
    /Rockwell-CondensedBold
    /Rockwell-ExtraBold
    /Rockwell-Italic
    /Rockwell-Light
    /Rockwell-LightItalic
    /Rod
    /RodTransparent
    /RunicMT-Condensed
    /Sanvito-Light
    /Sanvito-Roman
    /ScriptC
    /ScriptMTBold
    /SegoeUI
    /SegoeUI-Bold
    /SegoeUI-BoldItalic
    /SegoeUI-Italic
    /Serpentine-BoldOblique
    /ShelleyVolanteBT-Regular
    /ShowcardGothic-Reg
    /Shruti
    /SimHei
    /SimSun
    /SnapITC-Regular
    /StandardSymL
    /Stencil
    /StoneSans
    /StoneSans-Bold
    /StoneSans-BoldItalic
    /StoneSans-Italic
    /StoneSans-Semibold
    /StoneSans-SemiboldItalic
    /Stop
    /Swiss721BT-BlackExtended
    /Sylfaen
    /Symbol
    /SymbolMT
    /Tahoma
    /Tahoma-Bold
    /Tci1
    /Tci1Bold
    /Tci1BoldItalic
    /Tci1Italic
    /Tci2
    /Tci2Bold
    /Tci2BoldItalic
    /Tci2Italic
    /Tci3
    /Tci3Bold
    /Tci3BoldItalic
    /Tci3Italic
    /Tci4
    /Tci4Bold
    /Tci4BoldItalic
    /Tci4Italic
    /TechnicalItalic
    /TechnicalPlain
    /Tekton
    /Tekton-Bold
    /TektonMM
    /Tempo-HeavyCondensed
    /Tempo-HeavyCondensedItalic
    /TempusSansITC
    /Times-Bold
    /Times-BoldItalic
    /Times-BoldItalicOsF
    /Times-BoldSC
    /Times-ExtraBold
    /Times-Italic
    /Times-ItalicOsF
    /TimesNewRomanMT-ExtraBold
    /TimesNewRomanPS-BoldItalicMT
    /TimesNewRomanPS-BoldMT
    /TimesNewRomanPS-ItalicMT
    /TimesNewRomanPSMT
    /Times-Roman
    /Times-RomanSC
    /Trajan-Bold
    /Trebuchet-BoldItalic
    /TrebuchetMS
    /TrebuchetMS-Bold
    /TrebuchetMS-Italic
    /Tunga-Regular
    /TwCenMT-Bold
    /TwCenMT-BoldItalic
    /TwCenMT-Condensed
    /TwCenMT-CondensedBold
    /TwCenMT-CondensedExtraBold
    /TwCenMT-CondensedMedium
    /TwCenMT-Italic
    /TwCenMT-Regular
    /Univers-Bold
    /Univers-BoldItalic
    /UniversCondensed-Bold
    /UniversCondensed-BoldItalic
    /UniversCondensed-Medium
    /UniversCondensed-MediumItalic
    /Univers-Medium
    /Univers-MediumItalic
    /URWBookmanL-DemiBold
    /URWBookmanL-DemiBoldItal
    /URWBookmanL-Ligh
    /URWBookmanL-LighItal
    /URWChanceryL-MediItal
    /URWGothicL-Book
    /URWGothicL-BookObli
    /URWGothicL-Demi
    /URWGothicL-DemiObli
    /URWPalladioL-Bold
    /URWPalladioL-BoldItal
    /URWPalladioL-Ital
    /URWPalladioL-Roma
    /USPSBarCode
    /VAGRounded-Black
    /VAGRounded-Bold
    /VAGRounded-Light
    /VAGRounded-Thin
    /Verdana
    /Verdana-Bold
    /Verdana-BoldItalic
    /Verdana-Italic
    /VerdanaRef
    /VinerHandITC
    /Viva-BoldExtraExtended
    /Vivaldii
    /Viva-LightCondensed
    /Viva-Regular
    /VladimirScript
    /Vrinda
    /Webdings
    /Westminster
    /Willow
    /Wingdings2
    /Wingdings3
    /Wingdings-Regular
    /WNCYB10
    /WNCYI10
    /WNCYR10
    /WNCYSC10
    /WNCYSS10
    /WoodtypeOrnaments-One
    /WoodtypeOrnaments-Two
    /WP-ArabicScriptSihafa
    /WP-ArabicSihafa
    /WP-BoxDrawing
    /WP-CyrillicA
    /WP-CyrillicB
    /WP-GreekCentury
    /WP-GreekCourier
    /WP-GreekHelve
    /WP-HebrewDavid
    /WP-IconicSymbolsA
    /WP-IconicSymbolsB
    /WP-Japanese
    /WP-MathA
    /WP-MathB
    /WP-MathExtendedA
    /WP-MathExtendedB
    /WP-MultinationalAHelve
    /WP-MultinationalARoman
    /WP-MultinationalBCourier
    /WP-MultinationalBHelve
    /WP-MultinationalBRoman
    /WP-MultinationalCourier
    /WP-Phonetic
    /WPTypographicSymbols
    /XYATIP10
    /XYBSQL10
    /XYBTIP10
    /XYCIRC10
    /XYCMAT10
    /XYCMBT10
    /XYDASH10
    /XYEUAT10
    /XYEUBT10
    /ZapfChancery-MediumItalic
    /ZapfDingbats
    /ZapfHumanist601BT-Bold
    /ZapfHumanist601BT-BoldItalic
    /ZapfHumanist601BT-Demi
    /ZapfHumanist601BT-DemiItalic
    /ZapfHumanist601BT-Italic
    /ZapfHumanist601BT-Roman
    /ZWAdobeF
  ]
  /NeverEmbed [ true
  ]
  /AntiAliasColorImages false
  /CropColorImages true
  /ColorImageMinResolution 200
  /ColorImageMinResolutionPolicy /OK
  /DownsampleColorImages true
  /ColorImageDownsampleType /Bicubic
  /ColorImageResolution 300
  /ColorImageDepth -1
  /ColorImageMinDownsampleDepth 1
  /ColorImageDownsampleThreshold 2.00333
  /EncodeColorImages true
  /ColorImageFilter /DCTEncode
  /AutoFilterColorImages true
  /ColorImageAutoFilterStrategy /JPEG
  /ColorACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /ColorImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000ColorACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000ColorImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasGrayImages false
  /CropGrayImages true
  /GrayImageMinResolution 200
  /GrayImageMinResolutionPolicy /OK
  /DownsampleGrayImages true
  /GrayImageDownsampleType /Bicubic
  /GrayImageResolution 300
  /GrayImageDepth -1
  /GrayImageMinDownsampleDepth 2
  /GrayImageDownsampleThreshold 2.00333
  /EncodeGrayImages true
  /GrayImageFilter /DCTEncode
  /AutoFilterGrayImages true
  /GrayImageAutoFilterStrategy /JPEG
  /GrayACSImageDict <<
    /QFactor 0.76
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /GrayImageDict <<
    /QFactor 1.30
    /HSamples [2 1 1 2] /VSamples [2 1 1 2]
  >>
  /JPEG2000GrayACSImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /JPEG2000GrayImageDict <<
    /TileWidth 256
    /TileHeight 256
    /Quality 10
  >>
  /AntiAliasMonoImages false
  /CropMonoImages true
  /MonoImageMinResolution 400
  /MonoImageMinResolutionPolicy /OK
  /DownsampleMonoImages true
  /MonoImageDownsampleType /Bicubic
  /MonoImageResolution 600
  /MonoImageDepth -1
  /MonoImageDownsampleThreshold 1.00167
  /EncodeMonoImages true
  /MonoImageFilter /CCITTFaxEncode
  /MonoImageDict <<
    /K -1
  >>
  /AllowPSXObjects false
  /CheckCompliance [
    /None
  ]
  /PDFX1aCheck false
  /PDFX3Check false
  /PDFXCompliantPDFOnly false
  /PDFXNoTrimBoxError true
  /PDFXTrimBoxToMediaBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXSetBleedBoxToMediaBox true
  /PDFXBleedBoxToTrimBoxOffset [
    0.00000
    0.00000
    0.00000
    0.00000
  ]
  /PDFXOutputIntentProfile (None)
  /PDFXOutputConditionIdentifier ()
  /PDFXOutputCondition ()
  /PDFXRegistryName ()
  /PDFXTrapped /False

  /CreateJDFFile false
  /Description <<

    /BGR <>
    /CHS <FEFF4f7f75288fd94e9b8bbe5b9a521b5efa7684002000410064006f006200650020005000440046002065876863900275284e8e5c4f5e55663e793a3001901a8fc775355b5090ae4ef653d190014ee553ca901a8fc756e072797f5153d15e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c676562535f00521b5efa768400200050004400460020658768633002>
    /CHT <FEFF4f7f752890194e9b8a2d7f6e5efa7acb7684002000410064006f006200650020005000440046002065874ef69069752865bc87a25e55986f793a3001901a904e96fb5b5090f54ef650b390014ee553ca57287db2969b7db28def4e0a767c5e03300260a853ef4ee54f7f75280020004100630072006f0062006100740020548c002000410064006f00620065002000520065006100640065007200200035002e003000204ee553ca66f49ad87248672c4f86958b555f5df25efa7acb76840020005000440046002065874ef63002>
    /CZE <>
    /DAN <>
    /DEU <>
    /ESP <>
    /ETI <>
    /FRA <>
    /GRE <>

    /HRV <>
    /HUN <>
    /ITA <>
    /JPN <>
    /KOR <FEFFc7740020c124c815c7440020c0acc6a9d558c5ec0020d654ba740020d45cc2dc002c0020c804c7900020ba54c77c002c0020c778d130b137c5d00020ac00c7a50020c801d569d55c002000410064006f0062006500200050004400460020bb38c11cb97c0020c791c131d569b2c8b2e4002e0020c774b807ac8c0020c791c131b41c00200050004400460020bb38c11cb2940020004100630072006f0062006100740020bc0f002000410064006f00620065002000520065006100640065007200200035002e00300020c774c0c1c5d0c11c0020c5f40020c2180020c788c2b5b2c8b2e4002e>
    /LTH <>
    /LVI <>
    /NLD (Gebruik deze instellingen om Adobe PDF-documenten te maken die zijn geoptimaliseerd voor weergave op een beeldscherm, e-mail en internet. De gemaakte PDF-documenten kunnen worden geopend met Acrobat en Adobe Reader 5.0 en hoger.)
    /NOR <>
    /POL <>
    /PTB <>
    /RUM <>
    /RUS <>
    /SKY <>
    /SLV <>
    /SUO <>
    /SVE <>
    /TUR <>
    /UKR <>
    /ENU (Use these settings to create Adobe PDF documents best suited for on-screen display, e-mail, and the Internet.  Created PDF documents can be opened with Acrobat and Adobe Reader 5.0 and later.)
  >>
  /Namespace [
    (Adobe)
    (Common)
    (1.0)
  ]
  /OtherNamespaces [
    <<
      /AsReaderSpreads false
      /CropImagesToFrames true
      /ErrorControl /WarnAndContinue
      /FlattenerIgnoreSpreadOverrides false
      /IncludeGuidesGrids false
      /IncludeNonPrinting false
      /IncludeSlug false
      /Namespace [
        (Adobe)
        (InDesign)
        (4.0)
      ]
      /OmitPlacedBitmaps false
      /OmitPlacedEPS false
      /OmitPlacedPDF false
      /SimulateOverprint /Legacy
    >>
    <<
      /AddBleedMarks false
      /AddColorBars false
      /AddCropMarks false
      /AddPageInfo false
      /AddRegMarks false
      /ConvertColors /ConvertToRGB
      /DestinationProfileName (sRGB IEC61966-2.1)
      /DestinationProfileSelector /UseName
      /Downsample16BitImages true
      /FlattenerPreset <<
        /PresetSelector /MediumResolution
      >>
      /FormElements false
      /GenerateStructure false
      /IncludeBookmarks false
      /IncludeHyperlinks false
      /IncludeInteractive false
      /IncludeLayers false
      /IncludeProfiles true
      /MultimediaHandling /UseObjectSettings
      /Namespace [
        (Adobe)
        (CreativeSuite)
        (2.0)
      ]
      /PDFXOutputIntentProfileSelector /NA
      /PreserveEditing false
      /UntaggedCMYKHandling /UseDocumentProfile
      /UntaggedRGBHandling /UseDocumentProfile
      /UseDocumentBleed false
    >>
  ]
>> setdistillerparams
<<
  /HWResolution [600 600]
  /PageSize [612.000 792.000]
>> setpagedevice


