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Context Analysis

MBS CYL Hpower | Weight Accel Year Origin
18 B 130 3504 1z 70 1
15 B 165 3693 11.5 70 1
18 2 150 3436 11 J0O 1
16 B 150 3433 1z 70 1
17 B 140 3449 10.5 70 1
15 a8 198 4341 10 J0O 1
14 B 220 4354 9 70 1
14 a2 215 4312 2.5 J0O 1
14 B 225 4425 10 70 1
13 8 150 3850 8.3 70 1
15 2 170 3563 10 J0O 1
14 B 160 3609 a8 70 1
15 B 150 376l 9.5 70 1
14 a8 225 3080 10 J0O 1
24 4 95 2372 15 70 3
22 a1 a5 2833 15.5 J0O 1
18 5] EX 2774 15.5 70 1
21 o B85 2587 16 70 1
27 4 28 21320 14.5 J0O 3
26 a A6 1835 20.5 70 2
25 4 a7 2672 17.5 J0O 2
24 q 90 2430 14.5 70 i
25 4 95 2375 17.5 70 2
26 4 11= 2234 12.5 J0O 2
21 7] 90 2648 15 70 1
10 B 215 4615 14 70 1
10 a8 200 4376 15 J0O 1
11 B 210 4382 13.5 70 1
=] a2 193 4732 18.5 J0O 1

Attributes (Variables) to Attrib
Horsepower and weight? Pos

Data to Data Relation

(which cars are similar? Clus

° °
Acceleration Cylinders
o
Horsepower .
Weight
° ()
MPG Origin
o
Year
rw 7
- L
-
. Q‘". ®
L 2

Context: Data to Attributes Relation ? (which

cars are lastest?)
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Data Matrix

= [x;1, X2,

= [xlj, Xy ey

Data Space

’ xin]

mj],

Fusion

x11 e oo x}n
DM e .

Xm1 °te Xmn
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Fusion

Chevrolet Cavalier ® o0 L
MPG: 34 . . o 2 9cosywL
CYL: 4 ® & oo M? ,..:. o
Hpower: 88 * :3.} Vear . ° ° a:ﬁl #OBEQO.?

: ° s ° .
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Hpower: 170 o *s@cvi® § o T RevP 4 ann
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Weight: 4063 *S%° @ eignt Seto® o >
Accel:11.5 . %'E:... o9 gg-& g:“.;'. °
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Fusion Pipeline

Data Space Variable Space Distarr:]ce Matrixn
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Distance Measurement

MPG CYL Hpower | Weight Accel Year Cirigin
18 2 130 3504 12 FO 1
15 a8 165 3693 11.5 F0O 1
18 a2 150 3436 11 F0O 1
16 2 150 3433 12 FO 1
17 a2 140 3449 10.5 F0O 1
15 a2 198 4341 10 F0O 1
14 8 220 4354 = FO 1
14 a2 215 4312 8.5 FO 1
14 2 225 4425 10 FO 1
15 a 190 3850 8.5 70 1
15 a2 170 3563 10 F0O 1
14 2 160 3509 2 FO 1
1= 2 150 25sd Q.5 0 1
14 2 225 I0386 10 FO 1
24 | a5 2372 15 F0O 3
22 5] 95 2833 15.5 FO 1
18 =] a7 2774 15.5 FO 1
2L = 251 J587F . S e
27 4 28 2130 14.5 F0O 3
26 4 45 1835 20.5 FO 2
25 4 a7 2672 17.5 F0 2
24 4 =1 2430 14.5 FO 2
25 < o5 2375 175 7o 2
26 4 112 2234 12.5 JO 2
21 =] =1 2648 15 FO 1
10 a2 215 45615 14 F0O 1
10 2 200 4376 15 FO 1
11 a8 210 A382 13.5 F0O 1
= a2 193 4732 18.5 FO 1
27 4 28 2130 14.5 71l 3
28 4 a0 2264 15.5 71 1
25 4 a5 2228 14 71 3

Variable to Variable Distance (VV):

cov(X,Y)

Fx Ty

corr( X, Y) =

Distance is opposite meaning !

1- Correlation

Data to Data Distance (DD): Euclidean Distance

Data to Variable (DV) or Variable to Data (VD) Distance???
Not equal length!
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Distance Measurement

n dimensional

D; = x4, X5, s X |

Vi Project to jth dimension: 1
/ ® Project to the other dimensions: O _ _
n dimensional !
® I:)i / .
® ® v = [x S, . .], ]nurt'_nherg
. V, Rl > v, =[0,0,...1,0,.
D; and V; are equal length now.
A

Transpose?
DV=VD !
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Composite Distance Matrix

Distance Matrix
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Data to Data
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Layout Schedules

Original Distance 2D Distance

Mapping

High Dimensional Data Space 2 Dimensional Data Space

Data or Variable Error?
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Layout Schedules

Glimmer MDS
Data
©® o Data Variables
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Data Context Map
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Data Context Map
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